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Intrinsically Efficient, Stable, and Bounded Off-Policy Evaluation for Reinforcement Learning
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Unified estimation framework for unnormalized models with statistical efficiency
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Imputation estimators for unnormalized models with missing data
https://arxiv.org/pdf/1903.03630.pdf

RO X FZ 72D 57D T, HW7ZG XTI, HAKL lowa State University D564
& DIFEFH L TT, EM algorithm, Fractional imputation & Multiple imputation & \» 9 X
T — X DFENT THI S LT 5 Fik% Unnormalized model DHEE & & flAH D, o
DHERM A EE 272 L VIR TS, KRBT —XDT T X L0 s L
72DT, FNE/EfHoTHAIZVWEVWIETFR—v gV TEEE L,

e

K F B4V 7 412H % UIUC D CS department T 1 B[, TR{LYEE DM % B C 7%
WILfTE 3, 50 & A5 bLEE D Exploration DHEHZ X 5 FETT, 72722 D4y
FIZEERR 20 D, REC WA APBEICE > THIIFEL T T, oL THMNT
o Wl ADICKZ D RGO TT, —HUEICTE 72 038ICm b 2 L ZEL T
THIRS 9 L BWET, ®RICAY 325, MAEREIAIREME O®FER S, 2 FEo Z
XEDHVHRE ) TIE Lz, ENERBIEHN RBICD 21, RIS
AR TEFE L, 220 b LI ELTCWITEZL L BnE S,


https://arxiv.org/pdf/1903.03630.pdf

